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Systemy inteligentne

Uczg sie
eksperymentuja
wyciggajg wnioskKi
zapamietujg

... W sposéb ciagty

Podejmujg decyzje

w funkcji celu
Postrzegajaq Swiat

uzywajg réznych "zmystow”
rozpoznajg obiekty
analizujg mowe

Prognozuja, planuja

Interaguja

w spos6b naturalny
z uzytkownikiem

i innymi systemami

Stajg sie autonomiczne
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Featured Code Cpmpetmon
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Severstal: Steel Defect Detection \ ; $120,000
Can'you detect'and classify defects in steel? L potizE Money

PV"'

|-

Detekcja defektow
stali

m Severstal - 2,431 teams - 7 months ago

Overview Data Notebooks Discussion Leaderboard Rules

Konkurs na www.kaggle.com

Overview

Description Steel is one of the most important building materials of modern times. Steel buildings are resistant to

—— natural and man-made wear which has made the material ubiquitous around the world. To help make
Valtistion production of steel more efficient, this competition will help identify defects.

Timeline Severstal is leading the charge in efficient steel mining and

Prizes production. They believe the future of metallurgy requires

development across the economic, ecological, and social

Kernels Requirements aspects of the industry—and they take corporate responsibility
seriously. The company recently created the country’s largest
industrial data lake, with petabytes of data that were previously
discarded. Severstal is now looking to machine learning to
improve automation, increase efficiency, and maintain high
quality in their production.

The production process of flat sheet steel is especially delicate.

From heating and rolling, to drying and cutting, several
machines touch flat steel by the time it's ready to ship. Today, Severstal uses images from high
frequency cameras to power a defect detection algorithm.

In this competition, you'll help engineers improve the algorithm by localizing and classifying surface
defects on a steel sheet.

If successful, you'll help keep manufacturing standards for steel high and enable Severstal to continue
their innovation, leading to a stronger, more efficient world all around us.
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Zrodio: https://towardsdatascience.com/re-imagining-construction-with-ai-54d8c8077939
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Automatyzacja
logistyKki

Robot-as-a-Service

@ locusrobotics.com * @B I @ :

How It Works *  Features v Videos About v

.

-_—
o

Flexible, Robust, an@Easy to De. |
Lowering Labor Costs and Cycle Times

N



https://locusrobotics.com/

Detekcja stanow
| sytuacji na drodze e STIY

THE INDUSTRY'S ONLY REAL-TIME, IN-VEHICLE DRIVER BEHAVIOR SOLUTION IS HERE

PRODUCT PARTNERS RESOURCES CAREERS COMPANY CONTACT LOGIN REQUEST DEMO )

SaveBillions'with'the Next
In-Vehicle Innovation

There hasn't been a significant in-vehicle innovation
since the seatbelt in the 1960’s.

(® WATCH VIDEO



https://www.nauto.com/

Rekonstrukcja 3D
Z jednego zdjecia

@ RGB image of unfurnished flat

etect corners + opening

Generate 3D geometry with
chmg finishing

ilkin furnishing
NN

Cla e e
__ © |Production drawings

AI'...T |
(AN~ MR

Input RGB

LayoutNet boundary LayoutNet corner l ayoutNet rest

Zrodia:https://arxiv.org/pdf/1803.08999v1.pdf, https://towardsdatascience.com/re-imagining-construction-with-ai-54d8c8077939
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Monitoring
| interpretacja rozmow
sprzedazowych

2>

& chorus.ai bx¢

C H ||||||| R U s Product Solutions Customers Resources Blog About Us Login ’ 1R

Clone Your
Closers™ 0=

meetings
Capture and share your sales team's best talk

tracks to create more quota-crushing "A"
players


https://www.chorus.ai/product

Monitoring
| optymalizacja potek
sklepowych

@ simberobotics.com * ® B s :

PLATFORM SOLUTION ABOUT CONTACT REQUEST A DEMO

Better retail for all.

Get shoppers what they want, your
teams what they need, and brands what
they’ve been craving.



https://www.simberobotics.com/

Diagnostyka
medyczna

C & zebra-med.com # - a :

Blog Request Al1™ Demo

Transforming patient care ‘
with the power of

Al

REQUEST Al1™ DEMO
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Tych mozliwosci jest
jednak bardzo duzo...

C @& index.co/companies?markets=or:artificial-intelligence& w

INDEX *nw

&  Artificial Intelligence ~

v Funding v Fc / siti v On List

Showing 50 out of 3727 companies matching your filters.
Check out our summary page for Artificial Intelligence for an overview of the activity there.

Clear Filters Export companies m Create new workflow PZapier

B: 3 ¢ 5 6 7 8 9 1

Company Markets Funding Location

Amazon [sTonase) Public Seattle, United States
[+1]

Twiter [communimes l sociat meoia llsms IEELCI San Francisco, United
States

m Linkedin [NETWGRKING [moaiLe [ e-commerce Jf Recrumming ) <3 ] Public San Francisco, United

States
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Aiin

ai in production scheduling
ai in quality assurance

ai in value creation

ai in medicine

ai in games

ai in business

ai in java

ai in healthcare

ai in python

ai in marketing
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Forbes Billionaires Innovation Leadership Money Business Small Business Li

14,351 views | Aug 11, 2019, 01:40pm

10 Ways Machine Learning Is
Revolutionizing Manufacturing In
2019

& Louis Columbus Contributor ®
- Enterprise & Cloud



https://www.forbes.com/sites/louiscolumbus/2019/08/11/10-ways-machine-learning-is-revolutionizing-manufacturing-in-2019/#47033d632b40

McKinsey Global
Institute

https://mck.co/2QONC4C

Estimated impact of artificial intelligence and other analytics by industry,

function and business problem. Click to select
How will artificial intelligence (Al) create value for organizations? To answer this question, the McKinsey

Global Institute mapped Al technigues and the problems they can solve more than 400 different types of Other analytics
opportunities (“use cases”) for organizations to use Al. These use cases are based on McKinsey's client

experiences with Al and analytics, third party research, and other sources of data. @

Choose a combination of options from the drop-down menus to visualize the significant economic
potential for Al and other analytics (OA) across sectors, business functions, data types, and techniques.

Technique Data type Problem type

[ muttiple vaiues) — ~ | [ (A | [ v $3.5T - $5.8T

total impact shown

View industries by Aggregate potential dollar im... ~

by Industry for by Function for
Function: All Industry: All
Business problem: All Business problem: All
Highest potential impact displayed. Click a function to filter
Hover to view the potential range. (Ctrl+ Click for Multiple)

Retail I—— 50,8T

Consumer Packaged

Goods I 488,38

Travel [ 479,78

Transport & Logistics N $474,8B

Automotive & Assembly [ 540498

Public and Social

Sector I $356,1B
Banking [N 5344,98
Insurance [ 312,28
by Business problem for
N N Industry: All
Basic Materials [ $300.38B Function: Al

Advanced Electronics / 525078

Semiconductors Predictive  Yield,
Do - o e
High Tech [ 5266,98

Chemicals [ 518378

Media & Entertainment . $179,1B -
Procurement
and spend

Telecom N 517428

Qil & Gas W 517318 Inventory Sales

and parts and


https://mck.co/2QONC4C
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big data landscape 2019

big data landscape
big data languages
big data landscape 2020
big data landscape 2019
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@ h2o.ai/financial-services/ Q W

Overview H20.ai Use Cases and Customers Use Case Customer Stories Resources

Use Cases

Customer Churn Prediction Credit Risk Scoring

Know Your Customer/Client (KYC)
I IETET,
- £

Fraud Detection

Stopping Fraud in its Track:

Read More >




Customer Churn Prediction

Al Helps Retain Valuable Banking Customers

Challenges Solutions

Challenges

Opportunity

Why H20.ai Customer Stories Resources

Some financial services customers become quite valuable as they generate fees on transactions and
grow a portfolio of business over the years including banking fees, credit cards, home loans, personal
loans and more. Simple churn analysis uses rules based on known behaviors to identify potential churn
risks. Rules-based systems, however, are inflexible and miss many customers who do churn and
generate false positives that end up giving expensive incentives to customers who were not at risk to
leave the bank.

Al is a great solution for customer churn prediction as the problem involves complex data over time and
interactions between different customer behaviors that can be difficult for people to identify. Al can look
at a variety of data, including new data sources, and at relatively complex interactions between
behaviors and compared to individual history to determine risk. Al can also be used to recommend the
best offer that will most likely retain a valuable customer. In addition, Al can identify the reasons why a
customer is at risk and allow financial institution to act against those areas for the individual customer
and more globally.
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Predictive Manufacturing Design



https://www.h2o.ai/manufacturing/?gclid=Cj0KCQjw5rbsBRCFARIsAGEYRwc8g3jcZ48k4zrCjeQBZVEejEJ7Npb-aLMGzhqE7_wKvMNxV6-fDAQaAvTpEALw_wcB

Predictive Maintenance

Fixing Machinery Before a Breakdown with Al

Challenges Solutions

Challenges

Opportunity

Why H20.ai Customer Stories Resources

According the International Society of Automation, a typical factory loses between 5% and 20% of its
manufacturing capacity due to downtime. Traditional preventive maintenance processes require
machines to be repaired at intervals based on time or usage. These methods, however, still result in
significant instances of equipment failure resulting in idle workers, increased scrap rates, lost revenues
and angry customers. In addition, preventive maintenance may replace parts that still have significant
working life, which can be a waste of time and money.

Al based predictive maintenance uses a variety of data from loT sensors imbedded in equipment, data
from manufacturing operations, environmental data, and more to determine which components should
be replaced before they break down. Al models can look for patterns in data that indicate failure modes
for specific components or generate more accurate predictions of the lifespan for a component given
environmental conditions. When specific failure signals are observed, or component aging criteria are
met, the components can then be replaced during scheduled maintenance windows. McKinsey and
Company found that Al based predictive maintenance typically generates a 10% reduction in annual
maintenance costs, up to a 25% downtime reduction and a 25% reduction in inspections costs.
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CU<] DataRobot Announces $206 Million Series E Funding Round READ THE RELEASE —>

DataRobot PLATFORM SOLUTIONS SUCCESS RESOURCES PARTNERS WE'RE HIRING (845 b ot CONTACT US

REQUEST A DEMO
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& ' @& datarobot.com

DataRobot Release 6.0 Is Here
New features include Visual Al, Automated Deep Learning, Al Apps and more.

Platform v~ Success v Resources v Partners v Careers v

BY INDUSTRY/USE BY ROLE

Banking Marketing Data Analysts

Casinos and Gaming Oil and Gas Data Scientists

Consumer Packaged Goods Public Sector Executives

Financial Markets Retail IT Professionals

Fintech Robotic Process Automation Software Developers

Healthcare Sports D¢
Insurance All Use Cases Bz

Manufacturing



Credit Default Rates

Credit Default Rates

DataRobot operationalizes real-time loan assessment by automating model

building to predict the likelihood of future default.

Problem / Pain

People with years of experience can judge someone’s likelihood of default, but that is not an efficient method
for judgement as you grow a business. Increasing the value and number of loans is difficult without a scalable

method in place to judge the default risk of many applicants.

Solution

DataRobot uses past information about borrowers’ default rates to predict the likelihood of default for future
borrowers. Incorporating the predictive models built with DataRobot into a real-time loan approval process is

easy, allowing businesses to scale up and expand their loan portfolios.
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u))) rapldmlner WHY RAPIDMINER  INDUSTRIES ~ PRODUCTS ~ LEARN  RESOURCES  PARTNERS  COMPANY

Depth for Data Scientists,
Simplified for Everyone Else

Join the 40,000+ global organizations in every industry who use the RapidMiner
data science platform to drive revenue, reduce costs, and avoid risk.

GET STARTED CONTACT US




1nmlm&n mzﬁﬁﬁkmﬂml

ANNENNEAFE S
.n..-l;J“ﬂlJ ! ol B
i’

Drive Revenue Cut Costs Avoid Risks

Expand customer relationships
through targeted up-sell & cross-
sell

> Streamline operations by
determining the optimal execution
path for every process

v

Reduce bad debt through early
identification of problem signs

v

Increase visibility into portfolio risk
> Reduce settlement errors by by predicting default probabilities
monitoring transactions for early

detection of problems

£d
,ii > Reduce churn by predicting at-risk
3 ' customers in time to proactively

" Prevent rogue trading with
prevent attrition

integrated communications and
> Launch compelling new products trade surveillance
and services based on insights into

customers’ hidden needs and wants

> Reduce false-positive AML cases by
more precisely classifying
suspicious transactions

v

Improve cybersecurity by
prioritizing attack investigation and
remediation efforts with Al

Forecast economic conditions with
sophisticated scenario modeling

> Comply more easily with KYC
lifecycle requirements by predicting
customer behavior outliers

v
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WHY RAPIDMINER  INDUSTRIES PRODUCTS LEARN RESOURCES PARTNERS COMPANY

""‘";; Predict and forecast demand to A Predict maintenance needs before Detect product issues early and
‘ o allocate resources most profitably - they arise and address proactively improve QA to reduce liability F
. #-— > Discover deep customer insightsto &« > Optimize production while keeping Manage production risks to ensure
“”’M enhance product design & support &=  costs low and product quality high , smooth, consistent product delivery |

— -~

Create intelligent, connected , ' > Increase supply chain efficiency to Assess customer service and fix
-3 products that generate new and : maximize profitability issues before widespread impact
e innovative business models J ] g | - ess | i
. 3 Analyze service patterns to improve Minimize EH&S risk by predicting '

- i product design & cut warranty costs | . the likelihood of harm
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Showing 10 out of 415 companies matching your filters,
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n Login 1o view more pages

Company Morkets Funding Location
Twitter [ vioco stacasin [ conmunmies B socias o Jsus IENCE San Francisco, United \
States 4
> Accenture Public Dublin, Ireland
[ conmuications]
Max $22.5M France
Teradata [ MAUFACTURING] Public Miami, United States
— reran J Finance [ curomonvel m
AppZen [ccounine D $51M San Jose, United States
SingularityNET $36M
Charlie fabar $9M San Francisco, United
States
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ARTIFICIAL INTELLIGENCE J§ +3
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Search companies, locations & markets.

Nuro

TRANSPORTATION [l VEHICLES ||l AUTONOMOUS VEHICLES

NURO is a seasoned team of entrepreneurs and
engineers, designers and scientists who pioneer
technologies that benefit everyone.

4 SUGGEST EDITS

Overview Funding 2

LATEST FUNDING

$940,000,000

$92,000,000

TYPE FOUNDED RAISED
B2C 2016 $1B
FOLLOW US

Bon

3

ALSO HEADQUARTERED IN MOUNTAIN VIEW
G Google

Android

Alphabet

M Gmail

m Mozilla

W Waymo

Y Combinator

& Google Drive
Symantec

AP TensorFlow

COMPANIES IN THE SAME INDUSTRY

GREYLOCK PARTNERS | [BANYAN CAPITAL

The Robot Report

TEAM SIZE

50+

2, | WORK HERE

SUGGEST TEAM MEMBERS

LOCATION

Mountain View,
United States

©Q EXPLORE MOUNTAIN VIEW

<+ ADD INFO

Nuro driverless vehicles approved for delivery tests in'California

“* Nuro

18hago <

VentureBeat , TechCrunch, The Verge

Nuro obtains DMV
permit to test
driverless delivery
vehicles in San
Francisco Bay Area

SiliconRepublic
Nuro driverless
delivery bot gets green
light from US
government

loT Tech News

Nuro gets testing
approval for
autonomous delivery
vans without human
controls

VentureBeat , TechCrunch, Forbes Tech,
+1

Nuro's R2 receives first
autonomous vehicle
exemption from the
U.S. Department of
Transportation
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Drone inspection

Warehouse Logistic Robots

Production Scheduling Optimizer

Driver monitoring

Predictive Maintanance

Computer Vision in Quality Control

Demand Forecasting

Customer Service Automation

Automatic Car Configurator

Co-bots in a manufacturing line
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Kwestionariusze

Wywiady

Opinie

Kontroler finansowy

Menadzerowie

Uzytkownicy

Klienci

Partnerzy



Aspekty prawne | etyczne
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Drone inspection
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wiedza

kompetenciji umiejetnosci (hard, soft)

doswiadczenie

ocena

wydajnosé

potencjat

szkolenia
Sciezki kariery

rozwoj

nowe umiejetnosci

badania
nowe metody

motivate

utrzymanie

listen

compensate

wymogi stanowiskowe
dopasowanie

kompetencje

identyfikacja zatrudnienie

rekrutacja

wdrozenie

HR

Srodowisko pracy

komunikacja

bezpieczenstwo

zarzadzanie

) zmiang
wiedzag

do pasowan |@ HR <> business strategy



Al ma wiele roznych
zdolnosci. ..

rozpoznawac

prognozowac

optymalizowac

obiekty

sytuacje
emocje

wzorce

zachowania
awarie

popyt

produkcje
tancuch dostaw

marketing

dane z sensoréw



Klasyfikator

Potrafi bardzo dobrze klasyfikowac¢
obiekty.

Rozpoznaje ich kolory

Odroznia dobre od zepsutych

Ogolnie méwigc: potrafi¢ nadawac
rzeczom etykiety.




Segmenter

Swietnie dzieli obiekty na rozne grupy

W ramach danej grupy sg one do siebie
podobne, réznig sie zas od obiektow z
innych grup




Regresor

Swietnie prognozuje wartosci ciagte.

W szczegolnosci, potrafi przewidzie¢
przysztos¢ (prognoza szeregu
Czasowego).







Ogodlne

Klasyfikator
Segmentator

Optymalizator

Symulator

Nauczyciel ze

wzmocnieniem

Obrazy Jezyk naturalny

Rozpoznawacz czesci

Rozpoznawacz obrazéw
mowy

Rozpoznawacz twarzy Rozpoznawacz znaczen

Rozpoznawacz nastroju

Rozpoznawacz tekstu

Wyszukiwarka tresci

Tlumacz

Mowa

Rozpoznawacz gtosu

Tekst > glos

Glos > tekst

Inne

Reguta biznesowa
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wiedza

kompetenciji umiejetnosci (hard, soft)

doswiadczenie

ocena

wydajnosé
potencjat

szkolenia
Sciezki kariery

rozwoj

nowe umiejetnosci

badania
nowe metody

motivate

utrzymanie

listen

compensate

wymogi stanowiskowe

dopasowani

e

kompetencje

identyfikacja

AIR

Srodowisko pracy

zatrudnienie

rekrutacja

wdrozenie

komunikacja

bezpieczenstwo

zarzadzanie

wiedzag

dopasowanie

zmiang

Ai <> business strategy
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